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Abstract: Recently, regime-switching option pricing based on fractional diffusion models has been used, which
explains many significant empirical facts about financial markets better. There are many methods to solve the
problem, but to the best of our knowledge, effective preconditioners for the second-order schemes have not
been proposed. Thus, in this article, an implicit numerical scheme is developed for a regime-switching
European option pricing problem under a multi-state tempered fractional model. The scheme is proven to
be unconditionally stable and converges quadratically in space and linearly in time. Besides, the resulting
linear system is solved using an iterative method, and a preconditioner is proposed to accelerate the rate of
convergence. The preconditioner is constructed through circulant approximations to the Toeplitz blocks due to
the coefficient matrix, which is is a block matrix with Toeplitz blocks. The spectral analysis of the precondi-
tioned matrix is given, which demonstrates that the spectrum of the preconditioned matrix is clustered around
1. Numerical examples show the efficiency of the proposed method, and an empirical study is also provided.
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1 Introduction

Since the 1970s, the classic Black-Scholes (BS) [1] European option pricing model has been proposed for
calculating asset values, and is one of the most fundamental and powerful tools in financial mathematics.
However, the standard BS model is recognized to have several shortcomings and is unable to account for the
phenomenon of many significant empirical events in the financial markets, such as skewed return distribu-
tion, and the assumption of constant volatility generates bias. To compensate for the shortcomings of the
standard BS model, some alternative models are needed.

Thus, various alternate models have been proposed. Within these models, the Merton jump-diffusion
model [2] is one of the earliest alternatives, which is based on a compound Poisson jump process. The Kou
jump-diffusion model [3] is based on a double exponential jump-diffusion model. The finite moment loga-
rithmic stability (FMLS) model [4], Carr-Geman-Madan-Yor (CGMY) model [5], and Koponen-Boyarchenko-
Levendorski (KoBoL) model [6] are all based on some Lévy processes. The Heston model [7] is used to account
for stochastic volatility, where the volatility parameter is stochastic rather than a constant. Recently, a number
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of models based on regime-switching models have been used to simulate the effects of structural changes in
economic conditions or different phases of the business cycle. Hence, to capture more empirical features of the
market and respond to state changes effectively, regime-switching models began to emerge. In these models,
parameters such as drift and volatility parameters depend on a Markov chain and are allowed to change
between regimes.

The option pricing problem based on regime-switching Lévy processes is widely discussed. In [8], the
valuation problem of life-contingent lookback options is studied, in which the underlying asset price process is
assumed to be an exponential regime-switching Lévy process. The regime-switching option pricing under an
exponential Lévy model with coefficients modified by a Markov chain is considered, and the underlying risky
asset is controlled through a regime-switching CGMY process [9]. In [10], a regime-switching intensity model
for credit risk pricing is considered, where default events are specified by a Poisson process and their intensity
is modeled by a Lévy process. Some applications of the option pricing problem based on regime-switching
Lévy processes have been proposed in many works of literature. The pricing of some multivariate European
options under the Markov-modulated Lévy processes model is studied in [11]. In [12], a problem governing the
price of American options followed a geometric regime-switching Lévy process. Besides, the regime-switching
model also has lower computational complexity than stochastic volatility models.

For solving the option pricing problem with regime-switching Lévy processes, a number of different
numerical methods are studied in [8,12-18]. This study concentrates on resolving the financial problem using
the fractional partial differential equation (FPDE)-based approach. In [16], the European option pricing pro-
blem under a regime-switching FMLS model governed by a coupled FPDE system is investigated. Two
finite difference methods are shown, namely, the implicit finite difference method (IM) and implicit-explicit
(IMEX) finite difference method with CGMY and KoBoL models [15]. Besides, the Fourier transform used
for the European barrier option value under an FPDE based on some specific Lévy processes has been
introduced creatively in [17]. In [14], the European option pricing problem under the FMLS model with
stochastic volatility and involving three-dimensional FPDE system is discussed. An explicit closed form for
European-style option pricing under the FMLS model based on the FPDE system is discussed in [19]. A fast
penalty method is proposed for problems involving the pricing of American options whose underlying asset
follows a geometric regime-switching Lévy process in [12]. A power penalty method is proposed for the
American option pricing problem based on the geometric Lévy process governed by a nonlinear FPDE system
considered in [20]. In [21], the multi-asset option pricing model under the multi-variate CGMY process based
on a tempered FPDE is considered. In these studies, the models are essentially first-order discretized in space.
To the best of our knowledge, none of them have considered the second-order discretization in space. Hence,
one of the primary goals of this research is to consider a second-order implicit finite difference method based
on the coupled FPDE.

The contributions of this article are as follows. First, we propose a second-order discretized scheme of
space and provide the stability and convergence proof of this scheme. Second, a novel preconditioner is
provided for speeding up the Krylov subspace method, and the proof of the spectrum distribution is provided
to show that the spectrum of the preconditioned matrix is concentrated around 1. Third, the preconditioner
matrix contains the intensity matrix Q, and since the structure of the preconditioner matrix is not easy to
invert, we consider the permutation of the matrix and propose an inverse method based on the Sherman-
Morrison formula and the incomplete LU (ILU) factorizations. Finally, we performed several experiments,
which include an empirical case to compare the numerical results using different preconditioners and fast
numerical algorithms, and our numerical results show the high efficiency of this new approach compared
to several previously proposed techniques.

This article is organized as follows. In Section 2, the model of the tempered FPDE governing multi-state
European option pricing is discretized by the implicit second-order scheme with analysis for stability and
convergence. A fast preconditioned iterative method for the discrete second-order system and some proofs as
well as the implementation of the preconditioner are given in Section 3. In Section 4, numerical experiments
and a real-world experiment are given to demonstrate the efficiency of the block preconditioner. Concluding
remarks are given in Section 5.
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2 Second-order scheme

In this section, the coupled FPDE in regime-switching European option pricing is introduced. Then, its second-
order discretized form and matrix form are proposed. The analysis of two basic properties, i.e., stability and
convergence, is also given. In [12], the following is the essential form of the tempered FPDE governing multi-
state European option pricing:

aVi(x, t) aVi(x, t
et = 00D S0

J
- D IVix, £) + D" IVi06 1) = V(6 ) + ) gy Vi, £) = 0, M
k=1

wherel<a; <2, j=1, 2,...,J . In (1), the constants ¢, ¢, and ¢; depend on the model, and the constants q;  are

those that satisfy the conditions: (i) q;, 2 0, Vj # k; (i) Z,quj’k = 0, and r is the risk-free rate. Furthermore,

tempered fractional derivatives DY Vj(x, t) and D,E”aj Vj(x, t) are defined as follows:

v. & 2 we‘ff([/'(( t) )
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for 1 < a; < 2. In this article, with the initial condition Vj(x, T) = max{e* - K, 0}, the CGMY model and the
KoBoL model are both taken into consideration. The financial definitions of the parameters ¢, ¢, and ¢ have
been given in [17], it is a CGMY model when ¢ = ¢, and it is a KoBoL model when ¢; = A;. Additionally,
the boundary conditions are V;(x;, t) = max{(eX — Ke™T"9), 0} and Vj(x,, t) = max{(e* — Ke™""), 0}.

2.1 Second-order discretization in space on the implicit scheme

In this subsection, the second-order discretization on the implicit scheme is developed. Because both of the
operators ij’a’ and D, 7% are nonlocal, if the boundary conditions of the model are not zero, it is hard to
discretize. To deal with this problem, the approach is similar to [20], where the model is converted into FPDEs

with homogeneous Dirichlet boundary conditions with the boundary transform method. Let

_ Vj(Xr; t) - ‘/j(XlJ t) ‘
- eXr — eX (€

F(x,0) X - e + Vil t).

Thus, Model (1) can be converted into:

oUj(x, t) oUi(x, t)
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where Uj(x, t) = F(x, t) - Vi(x, t) and fj(x, t) = L;F(x, t). Furthermore, the boundary and initial conditions
become
l]j(X[, t) = Uj(Xr: t) = 0: t € [0: T];
Uj(X; T) = F(Xx T) - ‘/j(xy T)) X € (le Xr)-
Let N and M be the positive integers. Then, the intervals [x;, x;] and [0, T] can be divided into N + 1
and M sub-intervals, respectively. The spatial and temporal meshes are defined as follows:
x;=x+ih, fori=0,1,..,N+1,
tn=T+mz, form=0,1, .., M,

Xr — X1
N+1

where h = and7=-T/M<0.
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The approximation provided in [22] can be used to estimate the two tempered fractional derivatives after
gjaj+1 4.5+

the boundary transformation. Let Uj(x, t) € IN(R), Dr Ui(x, t), D;
belong to L(R), then we obtain the approximation

1Uj(x, t), and their Fourier transform

N-i+2

- 1 &
rfj’a]Uj(Xi, tm) = hy > e_(k_l)fjhwl?]f]Uf(Xnk—L tm) + O(h?),
k=0
2 i+1 ] ®)
i DY
D006 tm) = 5 2 € E N Ui, tm) + O,
k=0
where
wp =gy, " = ng! + gy’ — (neMt + R)(1 - e, W

a, A _ a; a; .
w"" =ngy’ + rgil, 2sjsN.

And w,f'j’f" are defined in the same way. The coefficients are

Furthermore, the central-difference formula is used to discretize the derivative, which is represented
as follows:

oU;(x;, tm) Uj(xi+1: tm) = Ui(Xi-1, tm)
G =q

2 5
X o + O(h%). (5)

Let the notation u]’", represent the numerical solution of Uj(x;, t) and ].’"i = fj(x,-, t). With the aforemen-
tioned numerical meshes, the converted Model (2) can be discretized by the fully implicit scheme with
the approximation (3) and central-difference scheme (5), which is written as:

m+1 m m+l _ . m+1 N-i+2

P _ u A u A S
P om_ it 5t i+l i1 4} -(k-1Eh @, m+1
L = T taq on " he 2 e T U k-1
k=0
) _ 6
v @i m+1 1 L 1 1
I —-(k=-DAih,,, %57, m+ _ m+ m+1 _ em+
"y 2 e C DU - Tl + qu,k“j,i =Jji >
k=0 k=1

with error term of O(|7| + h?).

2.2 Matrix form for the second-order scheme

For simplicity, an n-by-n Toeplitz matrix is notated as T;(t,-1, ...,t; to; t-1, -..,t-n), Which is defined by:

to ta = b-p bn
b b ta v b
Ti(tn-1, ool to; tgy i) =| 8 B to :
ey . . tg
-1 2 0 4 b

Let vectors u™ = [u, U, ... UN, Ups, Uy, - UFN]Tand ™ = [f71 f, o fo oSy of Tl

and matrix Q = [q]-yk]]]-i x=1- Then, the matrix form of the Scheme (6) can be expressed as:

Iy + diag(h, B, ..., T7) + 7Q ® IyJu™ = u™ + 7fm*1, (7
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where

q (1¢) 0
T = Eﬁ{[y + ;ﬁ;b@? + ;;;(% - trly, 8)

with
A= Ty(0, ...,0,-1; 0; 1,0, ...,0),
w; = Ty(0, ...,0, effhw(?j’ff; eowlaj’f"; e‘ff”w;j’f", ...,e‘(N‘fohwf/’Ej),
G; = TN(e—(N—l)Ajhw]é\'Il’Af’ ey 2“1"’11'; %0 1“1"/11'; eajhng:/‘i’ 0, ...,0),

and I, represents the n-by-n identity matrix.

2.3 Stability and convergence analysis

In this subsection, the stability, and convergence of the second-order scheme are discussed. In the analysis,
the properties of the coefficient matrix are primary. Hence, a lemma about the property of Toeplitz matrices
is provided first.

Lemma 1. Denote that B; = %Wj +
we have

TCc3

W Gj» then Matrix (8) can be written as T; = %Aj + Bj - mrly. VX € RV,

XI(T] + Tx 2 -2rx'x.

Proof. For T; = %Aj + B; - trly, we have that
¢
XI(T + Tx = z—ng(A]»T + Apx + XI'(Bf + B)x - 2trx'x.

Since 4; = Ty(0, ...,0,-1; 0; 1,0, ...,0) in (8), we have x/(A] + Aj)x = 0. Besides, B/ + B; is positive definite
[22]; thus, xT(BjT + B)x 2 0, and the result holds. O

According to Lemma 1, the following lemma about the property of the coefficient matrix is obtained
to support the analysis.

Lemma 2. For allx € R7Y, denote x = [Xy; ..; XJ], wherex; € RY fori=1,2,...,], and use iIT to denote the ith
row of the matrix Xy, ...,Xy]. Let M = Iyy + diag(Ti, ..., Ty) + 7Q ® Iy in (7), we have

xXMTMx > (1 + Ko)X'x,
where K = 2(||Q||z — ).
Proof. The notation ||-||, denotes the matrix 2-norm. For convenience, let R = diag(T, ...,Tj) + 7Q ® Iy, then
M = Ijy + R. Since RR is positive definite, it yields that

xXIMTMx =xI'(I + (RT + R))x + xX’RTRx

>x'x + xI(RT + R)x o
9

T N
=x'x + ) XN(T] + T))x; + T ) %1 (QT + Q)Xs.
j=1 i=1

According to the definition of matrix 2-norm, we have
%[ (QT + Q)%; < ||QT + QILX]%; < 2/|Q|XX;.

Because 7 < 0, we obtain that 7Y%/ (QT + Q)%; = 27]|Q|l,x"x. With Lemma 1, equation (9) becomes
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xXM™Mx > (1 + Ko)X'x,

where K = 2(||Q|], — 7). O

Then, the following lemma about the norm of the inverse of the coefficient matrix can be obtained with
Lemma 2.

Lemma 3. For 0 > 7 2 we can obtain

_r
Ar- 11 Qlk)’

1
M7l < <1-Kr,

V1+21Ql: - T

where K = 2(||Q|]2 — 7).

Proof. Let the vector norm |||, be the 2-norm, and it is defined by |[x|, = (Zi;|x[*)'/? for any vector
X = (4, X, ....xp)T € C". With Lemma 2 and the definition of matrix 2-norm, we have
Mx|3 5 1 1
MY = max l 2||z - max ||y||22 _ < ’
x|[x]l2 y=Mx [IMyll; i 12121+ KT
li2
y

where K = 2(||Q|l; - r). Then, |M7}|, < ﬁ In order to obtain the condition of 7, making ﬁ <1-Kr.

To satisfy \/11—KT <1 - Kt, we use the basic solution equation to make Kt > -1/2,507T = m is calculated. [

Remark 1. If ||Q||; - r < 0, then ||[M7Y||; < 1. We assume ||Q|l — r > 0 in the remaining context.

According to the aforementioned lemmas, the following theorems about stability and convergence can be
analyzed. Let ||-|j;, be the L-norm, and the vector norm is defined by ||x|l;, = (hZi;|x[*)"/? for any vector
X = (%, X3, ...,X;)T € C", where h is the spatial step.

Theorem 4. (Stability) The numerical solution obtained from (6) satisfies
llw™Hl, < exp(RT)I[Wll, + T exp(KT)f,,

Where K = Z(HQHZ - r) and fmax = maxme{o, .,.,M—l}{ll.fm+1||lz}'

ax ’

Proof. Since M = I}, + diag(%, ...,Ty) + 7Q ® Iy and Mu™! = u™ + tf™*1, with Lemma 3, we have
™y, = |M7H ™ + of ™),
<MYl lw™ly + (MYl (™,
<A = Ko)|[u™l, + (1 = KO)|T|fpay
<@ - K", + m( = KO)™||f
< exp(KD)||uCll, + T eXp(KT)f sy - O

Theorem 5. (Convergence) Let Uj(x;, tm) be the exact solution of (1) and uj'; be the solution of the implicit scheme
(6) for1<aj<2,and0 < m < M - 1, so there exists a constant C that satisfies the following formula:

T, tm) = ujlill, < exp(KT)C(|7] + h2),

where K = 2(||Q|]2 — 7).

Proof. Let e]('ﬁ» = Ui(x;, tm) — u]ml be the truncation errors and make them satisfy the following formulas:

— m m m m m
em = [ef, e, ....e{'y, €75, -..,e3n, ...,e}—'fl, ...,e]l",N]T,

since e](-),i = 0, with Theorem 4 and error term in (6), it holds
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lle™ i, < exp(KT)|[€°ll, + T exp(KT)C(|7| + h?) < T exp(KT)C(|7| + h?).

Hence, the proof for convergence is done. O

With Theorems 4 and 5, we can know that the second-order scheme in (6) is stable and convergent.

3 Fast preconditioned iterative method

The fast Krylov subspace method is widely used to solve Toeplitz linear systems and is regarded as a fast solver
[23]. We know that the computational cost per iteration of the fast Krylov subspace is O(J N logN) using the
properties of direct summation. In order to ensure the computation efficiency of the Krylov subspace method,
it is an important step to solve the linear system using the preconditioners to compute the coefficient matrix
efficiently. In this section, a block preconditioner is proposed and some theoretical guarantees for the pre-
conditioner are presented, such as invertibility analysis and spectral analysis. Furthermore, to the best of our
knowledge, a theoretically guaranteed preconditioner in a second-order scheme has not yet been proposed,
so how to quickly compute the proposed preconditioner is explored in this section.

In view of the matrix form (7), if the Gaussian elimination approach is used, it yields an algorithm with
O(T®N?3) complexity. Then, in order to reduce the computational complexity greatly, a method using fast
Fourier transformations (FFT) can be devised.

For the coefficient matrix M = Iy + diag(T, ...,T7) + 7Q ® Iy = B + 7Q ® Iy, suppose there is any vector
X, then the first part of the multiplication Mx can be calculated by FFTs by embedding Iy + T; into a 2N-by-2N
circulant matrix, and the second part is a Kronecker product (7Q ® Iy)v. Because the complexity of the N-by-N
multiplication of Toeplitz matrix and vector is O(N logN), and based on the properties of the Kronecker
product, the cost of Mx is O(J N logN + J°N).

3.1 Block preconditioner

In this subsection, a block preconditioner is proposed. For the accuracy of the preconditioner, a block pre-
conditioner P with matrix Q is proposed as:

P = Ijy + diag(s(Ty), s(T), ...,s(T7)) + 1Q ® I, (10)

where s(T) represents the Strang preconditioner for the Toeplitz matrix T, the size of matrix Q is J x J,
and the size of I is N x N. More precisely, with the notation given in (8), s(T}) is defined as:

QqQ (1¢) (1
s(Ty) = TS(A]‘) + ES(W]‘) + ES(G]‘) - trly,
where
s(4) =1Ty(1,0, ..,0,-1; 0; 1,0, ...,0, -1),

W& | N _q R & : L& &
s(Wp) =Ty e Shw,’ ‘c’, sl [l 2 J 1]51 wl‘;(,‘:’lj 0, ...,0, effhwg"cf; eowlaff’;
2

~&h, % -(| %2 -0Eh, , ¢ h,, G:Sj
ettop, e ('] 1)‘3hw(1(,i’1j, 0, ...,0, ey,
2

@A -|[2 —1]A-h aj, A ah @A aj, A
s(Gy) = Ty|eMwy™”, 0, ...,0, e I 2 J J wlﬁj L LTS F L AR
2
A -|[2 —1])tvh aAi an @A
e/l]ha)o] ], 0, ...,O, e l 2 I 4 w[ﬁr ey @ A]ha)z] ’|.
2
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3.2 Invertibility analysis and spectral distribution
Theorem 6. (Invertibility) The block preconditioner P = Iy + diag(s(Tr), s(T2), ...,s(T7)) + 7Q ® I is invertible.

Proof. Let the notation A.(s(W; + W]-T)) represent the r-th eigenvalue of s(W; + W]-T). With the properties of wy
in [22], it holds that

N
s 5 3 2(r -1 2 & 2ntk-D(r-1
A (s(Wj + VV]'T)) =9 eowla”‘c’ + (ef,-hwgpf/ + e—zjhwzapff) cos% + z e—(k—l)fjhw;‘/’f/ cos%
k=3
N (1D
2
< 20wV + (Y + e i) + Y ek DET <0, for r=1, .., N.
k=3
Then, we have
s(W;+ WHx <0, VxeRY (12)
Similarly, we have x’s(G; + GjT)x <0, Vx€R". And there is
(¢ (s
S(T) + S(TT = s(Ty + Tj) = 7o s(W + W) + - s(Gy + Gf) = 2arly, (13)
so we can obtain that for Yx € R,
XI(s(Tj) + s(T)T)x 2 -2rx'x. (14)
With Lemma 2, using similar techniques, we have
x'PTpx > (1 + K1)X'x, (15)

where K = 2(||Q|]2 - r). Besides, according to Lemma 3, we know that for 7 > the minimum singular

_r
Ar-11Qlk)’

value of P can be calculated, i.e., Oin(P) % Therefore, we have proved that P is invertible. O

In the following lemmas and theorems, the spectral distribution of the block preconditioner P can be proved.

1
A= Qll)’

Lemma 7. For 0 > 7 2 we can obtain
IP7Yl, <1~ Kr,

where K = 2(||Qll2 — ).

Proof. With Lemma 3 and Theorem 6, we can know that P! exists and x'PTPx > (1 + K7)X'Xx,

foro>7t2 m. Similar to the proof of Lemma 3, by the definition of matrix 2-norm, ||P7Y, <1 - Kt

is proved, where K = 2(||Q|lz — ). O
Lemma 8. [24] For any € > 0, there exists a constant N, for all N > N, such that
T) - S(T) = K + L,

where ||Kj|l; < &/] and rank (L) < N..
Hence, with Lemma 8, the spectra distribution of the block preconditioner P (10) can be derived.

Theorem 9. For any € > 0, there exists a constant N, for all N > N, such that
PM =1Iry + Ky + L,

where || Kyll; < (1 - Kt)e with K = 2(||Q|l; - r) and rank (L) < J N, and M is the coefficient matrix.
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Proof. With Lemma 8, it holds
M- P=1I;y + diag(Ty, I, ...,T7) + 7Q ® Iy — Ijy — diag(s(Ty), s(T), ...,s(I7)) - 1Q ® Iy
= diag(Ty - s(T), & - s(B), ..., T7 — s(Ty))
= diag(Ky, Ky, ...,Ky) + diag(Ly, Ly, ...,Ly).
Let Ky, = diag(K,, Ky, ...,K7) and Ly, = diag(Ly, Ly, ...,Ly). It is derived that
|IKnll. <& and rank (L) < JN,.
Hence, we have
PM - Iyy = PM - P) = P'Kyy + P7'Ly.
Denote that K, = P7'K;, and L,, = P"'L,,. Besides, with Lemma 7, we have
Pl <1 = 2(||Qll: = )7 =1~ K,
where K = 2(||Q|]2 - 7). Then, according to the inequality, we have
1Eullz < 1P| Knllz < (1 - KT)e,  rank (L) < min{rank (P™1), rank (L)} < J N;.OJ

After analyzing the small norm and low rank of the block preconditioner P (10), we are looking forward
to the rate of convergence of the iterative method.

3.3 Implementation of P!

With the guarantee of invertibility, the block preconditioner P (10) can be used to speed up the rate of
convergence of the iterative method. Based on the structure of the proposed preconditioner, the matrix-vector
product P~lv can be computed by:

P = (I7 ® F)[diag(Ay, Ay, ...,Ap) + 7Q ® I1'(I; ® Ey)v, (16)

where A; is a diagonal matrix containing all eigenvalues of I7y + diag(s(Tr), s(T), ...,s(T7)). It is worth noting
that the entries of A; can be gotten in O(N logN) operations [23].

However, because it is difficult to deal with the inverse part of Q ® I in (16), Q ® I can be refactored into
I ® Q using permutation, making the middle part of the preconditioner P into a block diagonal matrix. At the

same time, diag(/y, Ay, ...,A7) in the block preconditioner P also needs to be changed into diag(Ay, Ay, ..., Ay)
accordingly. Let “P” be the permuted form of P.

Then, a permutation matrix Z can be used to make it possible to compute P™'v by computing .
Therefore, after the matrix permutation, the matrix-vector product P !y can be computed by:

P = (I; ® F})Z7[diag(hy, Ay, ..., Ay) + I ® TQI'Z(I} ® Fy)v. 7)

Remark 2. Suppose that there is a permutation matrix Z satisfying Z(tQ ® I)ZT = ® 7Q such that
Py = P, In order to simplify the notations, diag(Ay, Ay, ...,A ) is written as D. According to the permutation
matrix Z, P 'v can be written as:
Pv=(y @ FHZT(@DZT + Z(1Q ® DZTY'Z(I; ® Ey)v
=(I;® FHZ'Z(D+1Q ® I)'Z"Z(I;y ® Fy)v
=(Ir® F{D+1Q® I''(If® Ey)v
=P,

Then, we can obtain the matrix-vector product P~lv = P Ty by permutation methods.
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After the permutation method transformation in equation (16) to (17), the matrix is changed from a block
matrix of J blocks N x N to a matrix of N blocks J x J. From (17), we can see that the hardest part is the
inverse in the product.

In order to clearly represent the notations, Z(Ij ® Fy)v can be recorded as V=
Vit Vo1, 0, Vi, Vigy s Vi Vi, o, Vi IT = [V, W, oo, VyIT. Then, [Ap + I ® TQ]'Z(I7 ® Fy)v can be written
as[Ap + I ® 7Q] V. Besides, denote the diag(Ay, Ay, ...,A7) in (16) as Ap, and diag(Ay, Ay, ..., Ay) in (17) as Ap,
then we have

(Q + AWy

(@Q+ &V 18)

[Ap +1® 70V = .
(TQ + Ay) Wy

In order to speed up the matrix-vector product calculation, the Sherman-Morrison formula can be considered
to solve the block diagonal matrix (18).

3.3.1 Case 1: rank (Q) = 1

The Sherman-Morrison formula [25] can only be used when the rank of the matrix is 1. Therefore, the case
is considered when the rank of Q is 1.

Lemma 10. (Sherman-Morrison formula) [25] Suppose that A € C™" is an invertible matrix and u,v € C"
AlwTA
1+viA "

are column vectors, then A + w is invertible iff 1 + vIAu # 0. In this case, (A + w')™! = A7 -

AlTAt
1+viAly
in each block (18) for i = 1,2,..., N. In this case, “A” in the Sherman-Morrison formula equals every A
in (18), and w’ is 7Q. Then, we have: [Ap + I ® TQ|'V = diag((A; + w') 4, ...,(Ay + wT)1Vy), where

X — K- Ay 'wT(Ay™* .
(A + UVT) 1= (A) 1- BV Tl fori=1,2,..,N.

The Sherman-Morrison formula (A + uvT)™? = A1 - can be used to solve the inverse (7Q + A)V;

By "wTAy! o,
1+ vT(A)u V; for

each block. For faster computation, the Hadamard product can be used. The Hadamard product A ° B is a
matrix with elements (A ° B); = (4);;(B); for two matrices A and B of the same dimension m x n, which is “*”
command in Matlab.

Because A is a diagonal matrix, it is easy to calculate A7'V. Then, the point is to calculate

Remark 3. A; is a diagonal matrix that contains all of the eigenvalues of the matrix I7y + diag(s(Ty), s(T2), ...,s(I7)),
and by Theorem 6, similar to the proof of invertibility. It is obvious that Iy + s(T) is invertible, so all A; are not 0.

Similar to the Hadamard product, another symbol @ is defined. A * B is a matrix with elements
(A = B); = (A);/(B); for two matrices A and B of the same dimension m x n, which is “/” command
in Matlab. Then, the fractional part of the formula becomes

(A 'wT (A )T
1+ vI(A)
(ORIARAY

1+ vI(Aytu =R ° Ry, 19)

(B T (K )T
1+ vI(Ay)
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where
1 1 1 1
Mg At My At
] T 3 V V_
[ S U L | U U (N P
R =| M Ajale u °o || M2 Ajal|e %’2 ].’ZV,
: T : : V. V_.
SR U | I S U
Y Ajn My Arn
and
1 1
My At
1 g 1
1| || | —
R = 5] Ao A7z u (20)
1 ] | 5
I R
My Arn

Besides, the part of Formula (19) has repetitions in the numerator and denominator, in the calculation,
a part of the calculation can be reduced. And a large number of loop computing can be avoided during
calculation using the Hadamard product since vector multiplication can be done directly, which greatly
reduces the amount of calculation and speeds up the calculation. Therefore, the operation cost of the
matrix-vector product P Ty A is O(J NlogN + J N). For each iteration, the cost of this linear system using
the preconditioner by the fast Krylov subspace approach is O(J N logN + J*N + J N).

Remark 4. The ILU factorization is used when rank (Q) > 1. In Lemma 10, since 7Q = uv” can only be used
when rank Q is 1, the application of the Sherman-Morrison formula is limited when the rank (Q) > 1. Thus,

a more general approach is considered, which is to solve P v in 17) directly by decomposing the permuted
matrix via ILU factorization.

4 Numerical experiments

For the experiments, all numerical experiments are carried out in MATLAB (R2019b) on a Laptop with
configuration: Intel(R) Core(TM) i7-7700 CPU @ 3.60GHz and 16.0GB RAM. In order to better compare the
effectiveness of the proposed preconditioner, the Strang preconditioner is used for comparison [15], which is

By = Iy + diag(s(R), S(B), ...,s(T7)). (21)

When solving the linear system, the generalized minimum residual (GMRES) approach is selected as the Krylov
subspace method, the restart is 20, and the stopping criterion is 107°. In addition, the zero vector is chosen as
the initial guess of the iterative method.

4.1 Example 1

A coupled tempered FPDE with a known exact solution is taken into consideration in order to illustrate
the precision of the suggested implicit method and is presented as:
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UM, ) sa L

—or— " D00 = 2 i 6 = fix, ),
k=1

U(0,t)=0, 0<t<1,

Ul t)=et™, 0<t<1,

Ui(x,0) = e x4, 0<x<1,

. T3 +ai . 7 .
with fj(x, t) = —e X %XZ + X2t — AJ‘.”XZWJ - 2£=1‘1,—,kUj(X’ t), and the exact answer is Uj(x, t) = et AXx 2ty

The parameters g; ., @;, and A; for the examples below are created at random by MATLAB and are provided as

follows:

(a) Q =[-127,127; 115, -115], a = [1.8,1.9], A = [0.21,4.76], ] = 2;

() Q = [-170, 28, 142; 10, -70, 60; 122, 71, -193], a = [1.9, 1.5, 1.6], A = [0.68, 3.4, 0.86], | = 3;

(©) Q =[-191,74,1,116; 87, -160, 71, 2; 13, 62, —164, 89; 55,1, 101, -157], a = [1.9,1.7, 1.9, 1.6], A = [1.7, 0.4, 0.86, 1.63],

J =4
() Q = [-403, 4, 61,55, 4, 6,135, 138; 3, —494, 74, 67, 7, 24, 150, 169; 114, 74, -377,8, 112, 58, 2, 9; 119, 132, 2, -385,
53,71, 2, 6; 5, 8, 63, 53, -396, 9, 127, 131; 7, 6, 55, 67, 5, -411, 136, 135; 66, 65, 4, 7, 58, 118, —335, 17; 70, 90, 8,

3,59,105, 35,-370], a = [1.7,1.7,1.9,1.7,1.7, 1.6, 1.6, 1.7], A =[2.04, 4.1, 3.6, 2.65, 2.66, 1.63, 0.53, 3.06], ] = 8.

In Table 1, we show the error and convergence rate of the implicit second-order scheme. In this table, the
Strang preconditioner B, (21) is used to speed the convergence rate of the GMRES technique when computing
errors. Furthermore, “Error” symbolizes the L-norm of the errors, while “Rate” describes the convergence
rates.

From Table 1, it is apparent that the scheme is stable with a second-order convergence rate when N2 = M.
And as the number of grid points increases, the convergence rate approaches two in four cases.

In Table 2, because the length of space is significantly more than the length of time in a real financial
market, the N we chose in Table 2 is bigger than M. We analyze the second-order scheme and use “IM-nP,” “IM-
P,” and “IM-b-P” to signify the GMRES method without preconditioners, the GMRES approach with the Strang
circulant preconditioner B, (21), and the GMRES method using the Sherman-Morrison formula with the block
preconditioner P (10) when ] is 2 and ILU factorization when J > 2. Moreover, “Ite,” and “CPU” represent
the average iterations and CPU time, respectively.

From Table 2, it can be seen that when the number of states J is 2, the GMRES method using the proposed
preconditioner P (10) with the Sherman-Morrison formula has the best performance in terms of both
the number of iterations and CPU time. Besides, when | > 2, the GMRES method with the block preconditioner P
(10) using ILU factorization is clearly best, although the number of iterations using the GMRES method with the
Strang preconditioner B, (21) is already much optimized compared to that of without preconditioner. By the
CPU time, the GMRES method using the proposed preconditioner P (10) is the fastest method in these methods.
In particular, in case (d), the GMRES method with the proposed preconditioner P (10) using ILU factorization
takes 5 s, while the GMRES method without preconditioners takes more than 200 min.

Table 1: Errors and convergence rate for Example 1

N M Case (a) Case (b) Case (c) Case (d)

Error Rate Error Rate Error Rate Error Rate

24 28 1.5048 x 104 - 3.4497 x 1074 — 43970 x 10~* - 3.2565 x 104 -

25 210 4.0101 x 103 1.9079 9.1258 x 1075 1.9184 1.1631 x 104 1.9185 8.6051 x 103 1.9201
26 22 1.0336 x 10-5 1.9560 2.3469 x 105 1.9592 2.9931 x 10-° 1.9583 2.2122 x 1073 1.9597
2 2 2.6227 x 1076 1.9786 5.9502 x 106 1.9797 7.5924 x 106 1.9790 5.6092 x 10-6 1.9796
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4.2 Example 2

In this example, the multi-state KoBoL model (1) is used to evaluate the European call option. The following are

the basic parameters: x, = In(120), x; = In(0.1), K = 70, r = 0.05, and T = 1. Four different cases are investi-

gated, and their parameter components are generated at random using Matlab, as follows:

(a) Q =[-48,48; 45, -45], a = [1.7,1.6], A = [3.92,2.66], o = [0.99, 0.21], p = [0.91,0.42], ] = 2;

(b) Q =[-80,80; 52,-52], a = [1.9,1.7], A = [1.02, 3.76], 0 = [0.79, 0.34], p = [0.81,0.31], | = 2;

(©) Q =[-170, 28, 142; 10, -70, 60; 122,71, -193], a = [1.9,1.5,1.6], A =[0.68,3.4,0.86], ¢ = [0.87,0.90, 0.64],
p =1[0.83,0.5,0.3], J =3;

(d) Q =[-191,74,1,116; 87, -170, 81, 2; 13, 62, -164, 89; 75,1, 111, -187], a = [1.9,1.9,1.1,1.8], A = [1.7, 3.5, 2.88,
1.63], ¢ = [0.97, 0.30, 0.43, 0.64], p = [0.2,0.9,0.4,0.8], J = 4.

In Example 2, the different methods with preconditioners are compared in four different cases. In Table 3,
we can see that although the Strang preconditioner B, (21) has improved a lot of iterations, the proposed
preconditioner P (10) is better in terms of both iterations and CPU time in these four cases. In particular, the
GMRES method using the proposed preconditioner P (10) with the Sherman-Morrison formula is the fastest
among these methods by CPU time when J is 2. However, when J is greater than 2, the GMRES method with
the proposed preconditioner P (10) using ILU factorization takes the least amount of time and iterations.

4.3 Example 3
In Example 3, the efficacy of the tempered fractional model and the precision of the proposed numerical

approach are demonstrated in a real-world experiment. In this example, the problem of calibrating the
European options is compared using the two-state KoBoL model and the BS model. We use the market data

Table 2: Iteration numbers and CPU time of three methods for Example 1

N M IM-nP IM-P IM-b-P
Ite CcPU Ite CPU Ite CPU

Case (a)

28 24 1335.3 112s 19.0 0.05s 8.0 0.02s
29 25 3855.7 9.00 s 19.0 0.08 s 8.0 0.05s
210 26 9765.9 75.68 s 18.0 0.25s 8.0 0.14s
o1 27 22051.0 1103.24 s 18.0 113 s 8.0 0.58 s
Case (b)

28 24 4323.9 464s 40.0 0.07 s 10.0 0.03 s
29 25 9403.1 2841s 37.0 0.18s 10.0 0.09 s
210 26 20435.0 383.35s 32.0 0.60 s 10.0 0.26 s
ol 27 36195.0 3380.75 s 27.0 2.64 s 10.0 0.29 s
Case (c)

28 24 2943.4 3.57s 54.0 0.14 s 12.0 0.04 s
29 25 7840.5 3119 s 45.0 0.32s 12.0 0.13s
210 26 18621.0 505.71s 35.0 11s 11.0 0.54 s
ol 27 36383.0 4169.38 s 29.0 3.98s 11.0 1.95s
Case (d)

28 24 3058.9 6.01s 138.0 0.39s 17.0 0.09s
29 25 8194.8 138.55 s 100.0 213s 17.0 0.50 s
210 26 19886.0 962.88 s 81.0 5.00 s 16.0 1.55 s

21 27 40039.0 14661.27 s 60.0 10.83 s 16.0 510s
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Table 3: Iteration numbers and CPU time of three methods for Example 2
N M IM-nP IM-P IM-b-P

Ite CPU Ite CPU Ite CPU
Case (a)
28 24 49.3 0.06 s 18.7 0.05s 7.0 0.02s
29 25 63.7 0.20 s 15.7 0.08 s 7.0 0.04 s
210 26 86.8 0.80's 12.9 0.18 s 8.0 0.13s
n 27 118.9 562s 1.9 0.73 s 8.0 0.60s
Case (b)
28 24 64.6 0.09 s 249 0.08 s 7.0 0.02s
29 25 88.9 0.29s 17.81 0.09s 8.0 0.05s
210 26 127.0 1.09s 14.9 023 s 8.0 0.14 s
on 27 185.2 8.91s 13.0 0.78 s 8.0 0.65s
Case (c)
28 24 73.6 030s 38.50 0.22s 9.0 0.04s
29 25 98.9 112s 29.44 041s 10.0 0.13s
210 26 142.0 6.90 s 22.50 1.36s 10.0 0.59s
ou 27 214.9 39.07 s 17.94 3.82s 10.9 242's
Case (d)
28 24 83.7 0.15s 40.8 0.15s 9.0 0.03s
29 25 114.5 0.51s 31.4 0.22s 9.8 0.10' s
210 26 166.5 3.66s 25.6 0.83s 10.0 0.43s
o1 27 254.3 25.93 s 19.9 2.84s 10.9 1.84 s

of options contract 102305-C.CFE on March. 10, 2023, to compare the results of calibrating the two-state KoBoL model
and the BS model. The parameter settings are as follows: N = 219, M = 28, S,y = 8,000, Sy = 1, 7 = 0.02, and
T = 44/234, and scaling the data by dividing by 1,000. We use the particle swarm optimization (PSO) algorithm as
the objective function for calibration. The PSO algorithm is a type of evolutionary algorithm with efficient perfor-
mance, and the algorithm has convergence which can ensure that the algorithm solves the global optimal solution.

In Figure 1, the calibrated parameter of the BS model is 0.1957, which is often referred to as the implied
volatility, and the parameters for the two-state KoBoL model are Q = [-0.708,0.708; 0.010, —0.010],
a = [1.379, 1.944], p = [0.001, 0.003], o = [0.800, 0.023], and A = [100.000, 99.635]. The ranges of these parameters

are a € [1.101,1.99], q;, € [0.01, 60], A € [1.01,100], o € [0.01, 0.8], and p € [0.001, 0.999].

450 50% T T
5 g O real market prices —&— BS model D
400 F #*  2-state KoBoL model | 4 45% [ —>— 2-state KoBoL model |
J +  BS model s
o
350 5 40% @ J
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2 % S 30% /
) 250 + i ) 53
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(a) Option value and market

Figure 1: Comparison between two models.

data

(b) Absolute value of relative errors
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Table 4: Iteration numbers and CPU time of three methods for Example 3

N M IM-nP IM-P IM-b-P

Ite CPU Ite CPU Ite CPU
28 24 183.2 0.30s 6.0 0.03s 5.0 0.02s
29 25 32.7 0.20 s 6.0 0.05s 5.0 0.03s
210 26 15.2 0.28 s 5.0 0.13s 5.0 0.10 s
21 27 1.2 0.74 s 5.8 0.44 s 5.0 0.43s

From Figure 1(a), the option prices of the two-state KoBoL model are closer to the real market price.
And from Figure 1(b), the absolute value of the relative error of the two-state KoBoL model is smaller than that
of the BS model, although there are some sudden movements in the real-world market. It is clear that the two-
state KoBoL model is better, and many fundamental empirical facts of financial markets, such as skewed
and unexpected huge swings in stock prices, are explained by it.

In Table 4, the GMRES methods with two preconditioners and three different methods are compared with
these parameters. It is clear that although the GMRES method using the Strang preconditioner B, (21) has
improved a lot of iterations, the GMRES method using the proposed preconditioner P (10) with the Sherman-
Morrison formula is still the best in terms of both iterations and CPU time in this case.

5 Conclusion

In this study, the regime-switching European option pricing based on the fractional diffusion model is studied.
In order to reduce the calculation cost of solving the model, a second-order scheme of the implicit finite
difference method is used, the analysis of related stability and convergence is given, and a special structure
coefficient matrix is provided. The proposed preconditioner of the generalized minimal residual method
solves the linear system Mx = b, which is accelerated by FFT. And then the Sherman-Morrison formula and
ILU factorization are used to improve the calculation efficiency. Besides, the rationality of this preconditioner
is also ensured by the theoretical analysis and finally proves the effectiveness of the proposed second-order
scheme with the block preconditioner through numerical examples including an empirical example.

In addition, since the application of the Sherman-Morrison formula is limited by the number of states J,
the GMRES method using the proposed preconditioner P (10) with the Sherman-Morrison formula is chosen
when J is 2 and the GMRES method with the preconditioner P (10) using ILU factorization is chosen when J
is large.
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