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ABSTRACT
Many news publishers have integrated their news on
Facebook to attract wider readership. On this popular social
networking site, online news readers can contribute their
comments to the news post and interact with their fellow
readers. This form of user-generated contents has attracted
increasing scholarship and raised concerns over the salient
conflict and incivility in its language, the low quality of
polarized argumentation, and the complex interaction
among news commenters. To contribute to the current
lack of in-depth qualitative description of such reader-
reader interaction, the current study explores the types of
communicative moves performed by Facebook users in
their news comments, the patterning of those moves, and
the attitudinal language used to realize such moves. Based
on the two Systemic Functional Linguistic (SFL) frameworks
of speech functions and appraisal for a close analysis of the
moves and attitudinal lexis in Facebook news readers’ com-
ments to one news article, the research has shown that
exchanges of Facebook news comments developed in dif-
ferent directions with varying levels and complex patterns
of support and confrontation between interactants as well
as different appraisal language use. Besides substantiating
the existing description of online news readers’ interaction,
the paper argues that the SFL frameworks of conversation
analysis are helpful for understanding CMC but more
updated descriptions and a more visual approach to pre-
sentation of findings are needed to make the frameworks
more relevant for online interactive discourses.
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1. Introduction

Computer-mediated communication (CMC) has a short history, but its influ-
ence on people’s communication in general and use of language in particular
is substantial (Greiffenstern 2010). Among the CMC platforms, participatory
websites — commonly referred to as Web 2.0 — have arguably become one of
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the most influential ones. These websites have their distinctive features, such
as topical discussions among large, dispersed groups, varying levels of inter-
activity among users, and a central authorial message source, the combination
of all of which “marks the evolutionary departure of Web 2.0 systems from
previous forms of online messaging systems and websites” (Walther and Jang
2012, 3). On a broader scale, Walther and Jang classify contents on Web 2.0
into four types based on the source of the contents, namely proprietor or
page-owner-generated content, visitor-generated content, deliberate machine-
generated statistical representation of the users, and unintentional machine-
generated statistics. Of these four, these authors remark that the visitor-gen-
erated content is the “defining feature of participatory websites and distin-
guishes them from the traditional web” (Walther and Jang 2012, 4). Reader
comments now have become “the norm” of online news (Stroud, Scacco, and
Curry 2015) and have given rise to a new form of interpersonal interaction, the
reader-reader interaction.

Perceived as an interesting and complex phenomenon, this emerging form of
reader-reader interaction has attracted increasing scholarly interests with quite a
few studies done on different types of participatory sites, including the original
participatory news websites (Stroud, Scacco, and Curry 2015, Ksiazek 2018),
Facebook comments (Tagg and Seargeant 2016; Cionea, Piercy, and Carpenter
2017; Larsson 2017), Facebook instant messaging chats (Meredith 2017), YouTube
video comments (Bou-Franch and Blitvich, Pillar 2014), Google groups (Lewiński
2010), news groups (Marcoccia 2004), chat rooms (Weger and Aakhus 2003),
discussion board (Lander 2014), and Twitter (Mellor 2018). There have also been
multiple studies that highlighted the similarities and differences across platforms
like those done by Hille and Bakker (2014) and Rowe (2015) comparing interaction
in news websites and Facebook news pages, by Ben-David and Soffer (2018)
regarding conventional news websites, news websites with Facebook comment
plugin, and Facebook page of the news media, and by Halpern and Gibbs (2013)
contrasting YouTube video comments and Facebook news comments.

Such studies have provided several crucial insights into reader-reader inter-
action. First, it is generally agreed that this form of interaction seems to be
short and underdeveloped with only a few exchanges and often ends incom-
plete or unresolved (Marcoccia 2004; Bou-Franch and Blitvich, Pillar 2014;
Halpern and Gibbs 2013; and Lander 2014). In the terms of journalism,
reader-reader news discussions regardless of the platforms are of low argu-
mentation content (Ksiazek 2018; Larsson 2017). The interaction in such dis-
cussions reveals polarization of groups’ ideologies rather than the weighing of
diverse positions and persuasion that is characteristic of deliberation (Halpern
and Gibbs 2013). Moreover, in terms of language, interaction in news reader
comments has been found to have high level of hostility or conflict among
interactants (Tagg, Seargeant, and Brown 2017). For example, YouTube video
comments are notorious for aggression, incivility, and sometimes even hate
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speech (Halpern and Gibbs 2013), and Facebook news comments, with less
anonymity and thus apparently less aggression, are also found to contain a lot
of confrontation (Rowe 2015).

Despite their contributions, these papers, most of which originate in the
field of journalism, have yet to provide a detailed, systematic description of
news readers’ communicative actions when they engage in news discussion
(Bou-Franch 2014; Herring, Stein, and Virtanen 2013). To be specific, although
conversation analysis has been adopted to untangle the direction of interac-
tions (Lewiński 2010) and turn taking (Hutchby 2014; Giles and Paulus 2017) in
online reader comments, little is known about how interactants perform
specific moves to navigate the complex many-to-many polylogues
(Forbenius and Harper 2015). In an attempt to fill this gap, the current paper
will examine the interactional patterns and linguistic realization of user-gener-
ated responses to a news post on Facebook, arguably the most popular social
networking site in the world with approximately 2.19 billion monthly active
users as of the first quarter of Statista n.d.).

To research online discourse, some researchers advocate developing brand
new and dedicated methods (Rogers 2009, as cited in Bou-Franch 2014). This
approach certainly has its merits, but developing new digital methods takes
remarkable time and effort as well as extensive testing to ensure their rele-
vance and rigor. Hence, Herring (2004) proposes adapting tools from conven-
tional conversation analysis to study online discourse, an approach she refers
to as computer-mediated conversation analysis (CMCA). In this study, following
CMCA approach, we have adapted frameworks of conversation analysis from
Systemic Functional Linguistics (SFL) to analyze the Facebook news reader-
reader interaction. This theoretical framework has been chosen because as
Eggins and Slade (1997) argue, SFL is suitable for analyzing casual spoken
interaction, to which news reader comments on Facebook bear striking resem-
blance. To lay the foundation for this study, a brief introduction about SFL will
be provided in the next section.

2. Theoretical framework

As stated above, to investigate Facebook news inter-reader interaction, this
study has adapted the SFL conversation analysis framework as outlined in
Eggins and Slade (1997). In their book, these authors propose a detailed
network of speech functions to label individual moves in a casual conversation
as an adaptation of the previous works of Halliday, Eggins, and Martin (Eggins
and Slade 1997, 193–214). Despite its ground-breaking nature (Martin 2009),
this network was originally devised to analyze face-to-face conversations
among a limited number of interactants rather than online news readers’
polylogues. Hence, its linear representation of interaction structure and staging
of moves found in conventional conversation analysis and genre studies may
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not be able to capture and show the true extent of complex many-to-many
interaction among news readers. Thus, we have employed a more visual
method involving mind maps to show the complex development of multiple
strands of interaction within the Facebook news polylogues, to reflect the
temporal distribution of messages left by news readers, and to present at
the same time the parallel, horizontal expansion as well as the linear vertical
direction and the polarization of viewpoints expressed in such comments.

The schematic structure of texts is seen by Eggins and Slade (1997, 57) as
the “overall staging patterning of texts” that includes individual moves, “a
stretch of spoken or written discourse which achieve a particular purpose in
a text” (Cortes 2013, 35). In this study, a move is defined as a specific stage in
the whole structure of texts. To meet the overall communicative purpose of a
text, each move has its own communicative purpose and can be compulsory
or optional in the move staging pattern. Identifying the schematic structure of
texts of a certain genre, including the specific moves and their order, as well as
their lexicogrammatical realization, is central in understanding a genre (Eggins
and Slade 1997; Henry and Roseberry 2001; Swales 2004). How a move is
identified depends on whether texts are long, well-structured, with a specific
“pragmatic” purpose such as a research paper, or whether texts are spoken
interactions with short exchanges for interpersonal purposes (Eggins 2004, 5).

As noted earlier, analysis of moves is often accompanied by examination of
the lexicogrammatical realizations of such moves. For this purpose, the current
study has adopted the Appraisal theory developed by Martin and White (2005)
to answer the third research question on the linguistic realizations of moves in
the Facebook news comments. Martin and White (2005) argue that appraisal
has three domains of attitude, engagement, and graduation. The main focus of
this study is the first domain of attitude, which is subdivided into affect,
judgment, and appreciation, but we also looked at graduation language to
further understand levels of attitudinal meaning in the Facebook news reader
comments. Figure 1 provides a summary of Martin and White’s system of
attitude in appraisal theory.

Figure 1. The system of appraisal.
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In short, following CMCA approach, two frameworks from the Systemic
Functional Linguistics tradition, namely the speech function network and the
system of attitudinal appraisal language, have been employed as analytical
frameworks to answer the three following questions.

RQ 1: What communicative moves are performed in Facebook news com-
ments to show readers’ levels of agreement and disagreement?

RQ 2: How does interaction develop within Facebook news comment
exchanges? (more specifically, what, if any, are the patterns of communicative
moves in the interaction?)

RQ 3: How is attitudinal language used to realize different communicative
moves?

3. Methods

According to the review of Naab and Sehl (2016), quantitative analysis of big data
dominated studies on user-generated contents. Acknowledging such imbalance
in research methods, journalism and communication scholars have emphasized
the importance of case studies and called for more in-depth treatment of data
(Lewiński 2010; Herring 2013; and Giles and Paulus 2017). In light of this recom-
mendation, this study has been designed as an exploratory case study to offer
insight into specific levels of language use and emerging patterns rather than
generalizability based on large sample size and feature counts.

3.1. Context

As indicated in Section 1, this study is drawn on data collected from Facebook,
which originally started in 2003 as an exclusive network for university students in
the United States but has now become a leading social networking site that allows
anyone in the world aged 13 or above to connect to other people and follow each
other’s updates. To capitalize on this site’s popularity, many news publishers have
established their Facebook pages and posted their prominent news and stories on
a regular basis. Among a wide range of activities, in response to what they have
read or seen, Facebook users can choose a reaction to the news (like, angry, sad,
and so on), share the news with other Facebook users, or leave comments on
posts in the form of text and multimedia, without limit to the number and length
of the comments and replies. All the comments on a particular Facebook post can
be seen in the order of time or popularity, the latter depending on the number of
people clicking “likes” to the comments or the number of replies to those com-
ments. When a comment has several replies, the replies are shown chronologically
and grouped below that comment to make them appear like a continuous
conversation. These unique characteristics of this platform and its growing popu-
larity are themain reasons why Facebookwas chosen as the source of data for this
study into news reader responses.
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Among the Facebook fan pages of major news broadcasters in Australia,
the Pan-Australia Media Group (PMG) page (pseudonym) has been chosen
for this study due to its wide appeal to the general Australian public. In fact,
it had one of the largest number of followers compared with similar pages
in Australia. This is an important consideration to ensure that the patterns
identified in this study would not be confined to a distinct group of
population. Regarding the typical structure of a post on this Facebook
page, each includes a very brief summary of the news and the link to the
full original article on its official website. When the news is controversial, the
brief summary is often followed by a question that encourages readers to
express their opinions.

The post whose comments constituted the data in this study concerns the
Australian government’s budget in 2014. The budget was the first budget under
the new government elected in 2013. At the time of data collection, the initial
reception of the budget among Australian people and the mass media was fairly
negative as it tightened the fiscal policy and broke several pre-election pro-
mises. The new budget received wide media coverage and became one of the
most heated topics for discussion then. This news story was selected firstly
because it was of interest to many different groups of people regardless of
their ages, genders, occupations, interests, and financial and social statuses.
Similar to the choice of PMG page as explained above, the selection of such a
news story will help to avoid skewing the comments toward a particular group.
Secondly, the topic was controversial enough to attract different viewpoints.
Finally, the topic was sufficiently familiar to the researchers, which would facil-
itate the data analysis.

3.2. Data collection

After the proposal of the budget, one Facebook post of the said news broad-
caster was linked to an article that presented the reactions of a number of
Australian individuals to the new budget. All the comments on this Facebook
post, excluding the original article, were collected by means of a screen
capture tool to build the original corpus. After collection, the comments
were retyped, numbered, and classified based on the form of message they
took, namely texts, images, links, or their combinations. The focus of this study
is on the functional and linguistic aspects of the comments, and so a multi-
modal analysis, however desirable, is out of the scope of this study. Therefore,
images and links to other Internet sources embedded in the comments were
excluded in the analysis. Moreover, the original news article and its related
features were not part of the analysis either, although their content was
consulted by the researcher to help contextualize the reader responses. To
avoid any perceived harm to the Facebook users whose comments were
captured and used for this study, pseudonyms would be used in comments
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quoted in this paper, and potentially identifiable details such as the exact news
post title and its web address link to this Facebook post would not be
mentioned. Comments that were obviously advertisements or contained com-
pletely irrelevant, off-topic contents were removed. Finally, the corpus is
composed of 23,657 words from 500 comments given by 223 different
Facebook users. Of these comments, the shortest has only one word, while
the longest has 330 words. On average, a comment is 43.7 words long.

When a comment had at least one reply, that comment and all the comments
replying to it made up one exchange. Within the original 500 comment corpus,
there were 59 exchanges of this kind. The average exchange had 6.6 comments
in it, with 33 exchanges having from one to five comments. Given the small
scale of the study and the researcher’s interest in the interaction between
readers in their responses, the average number of 6.6 comments per exchange
was used as the cutting value to sample exchanges for a smaller corpus. Thus,
this sub-corpus contained only exchanges of six or more comments, which were
then analyzed to answer the research questions. Among the 26 exchanges that
met this criterion, initial screening of the contents revealed that one exchange
appeared to have some comments removed from the discussion and thus was
excluded from the later analysis. Therefore, in short, analysis was done to 25
exchanges of comments taken from the original corpus.

3.3. Data analysis

The process of data analysis was divided into two major stages to successively
answer the research questions. However, in both stages, the same four-step
procedure was followed, namely a) identifying the units of analysis; b) tagging
the 25 exchanges using analytical frameworks; c) summarizing the tags to
reveal patterns; and d) interpreting the patterns in context.

In the first stage of move analysis to answer the first two research questions,
the unit of analysis was the clause or groups of clauses. In casual conversa-
tions, the customary unit of analysis is the clause as it often matches the
speakers’ turn taking sequence. However, in written texts, groups of clauses or
even whole paragraphs can work together to achieve a single communicative
move. Therefore, in the current study of CMC texts that resemble both speech
and writing, more flexibility is needed to identify the move boundaries. This
explains the researchers’ decision to examine both single clauses and groups
of clauses within the same comments for move identification.

The analytical framework used to tag clauses in the comments was the Speech
Function network, introduced by Eggins and Slade (1997) from their synthesis of
related works in SFL. The Speech Function network contains two broad categories
of opening and sustaining moves. The sustaining move category itself is further
divided into monitoringmoves for the speakers to check their audience’s engage-
ment in the conversation, prolonging moves for the same speakers to take the
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next turn in the conversation and continue speaking, and reacting moves for
other speakers to take the next turn and react to the previous speaker’s moves.
Each of these move categories has more specific moves with their own conversa-
tional purposes. Since the online presentations of exchanges in the Facebook
comments are made to resemble continuous conversations and at least two
interactants are involved in each exchange, the Speech Function network origin-
ally designed for spoken conversations was applied to the move analysis in this
study. The full description of the network can be found in Appendix A, which was
constructed by the authors based on Eggins and Slade (1997).

In the second stage, after specific moves and their possible orders had been
identified, analysis of attitudinal language was conducted to answer the third
research question. At this stage, the unit of analysis was lexical words and phrases
found in each move. These words and phrases were tagged according to the
Attitude branch in the Appraisal theory, elaborated in the work of Eggins and
Slade (1997) and Martin and White (2005), both following the SFL approach.
Attitudes in the Appraisal theory include the categories of Affect (expression of
speaker’s emotional states), Judgment (speaker’s evaluation of the ethics, mor-
ality, or social values of other people), and Appreciation (speaker’s reactions to or
evaluations of objects or processes). In addition to these three sub-categories,
speakers alsomodify their expressions of attitudes through grading language that
helps them enrich, intensify, or mitigate attitudinal meanings. Therefore, the
category of Graduation was also included in the analytical framework for this
study. Appendix B provides more detailed explanation of each sub-category
together with identification clues and lexical examples.

4. Results

4.1. General description of the news comment corpus

The majority of article-comments in the data had no replies (106 out of 167). As
there were 500 comments in total, this figure means more comments were gener-
ated when readers interacted with each other using the “reply” function of
Facebook than when they responded directly to the article (333 reply-comments
compared with only 167 article-comments). The longest reply-comment had 330
words, and the most expanded exchange had 42 comments. Out of 59 exchanges
identified, 25 had six or more comments and became the focus of interaction
analysis in this study.

Moreover, there were much more commenters than the comments directly
aimed at the article (223 commenters vs 167 article-comments), which means
many of the Facebook news readers only replied to other readers without
commenting directly on the article. The majority of commenters (145 out of
223) left only one comment, and only six people contributed more than 10
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times, with the most active one leaving 41 comments in different exchanges.
More information can be found in Table 1.

4.2. Research question 1: levels of confrontation and support in the moves

In the 25 exchanges of 287 comments analyzed, 322 moves were identified,
including both initiating and reacting moves. There were more moves than
comments because many of the comments perform more than one move. A
summary of move statistics is presented in Table 2.

Among the reacting moves, there were more confronting moves than
supporting ones, with 160 of the former and 97 of the latter. The most
common type of confronting move was Counter, done 73 times, to express
interactants’ confrontation by “offering an alternative, counter-position or
counter-interpretation of a situation raised by a previous speaker” (Eggins
and Slade 1997, 212). The next two most frequently performed moves were
Rebound (33 times) to question the relevance, legitimacy, or veracity of a
previous move, and Refute (32 times) to react to a previous confronting
move by contradicting it. The most frequent supporting move was Develop
(56 times), which helps interactants to elaborate, clarify, enhance, or add more
details to previous interactants’ moves. The relationships between all these
different move types are shown in more detail in Appendix A.

4.3. Research question 2: development of interaction

Although there was no fixed move order that applied to all the exchanges
of comments, some patterns were observed in how the exchanges

Table 1. General description of the Facebook news comment corpus.
Comments and replies
Total word count of all comments 23,657 words
Total number of comments (article-comments + replies) 500 comments
Average word count per comment 47.3 words
Longest comment 330 words
Number of article-comments 167
Number of article-comments with no reply 106
Number of reply-comments 333
Commenters and their contribution
Number of different commenters 223 people
Number of commenters with 1 comment 145 people (65%)
Average number of comments per commenter 2.24 comments
Average word count per commenter 106 words
Exchanges of comments
Total number of exchanges (comments + replies) 59 exchanges
Average length of exchange 6.6 comments
Longest exchange 42 comments
exchanges with 1–5 comments 33 exchanges
exchanges with 6–10 comments 20 exchanges
exchanges with 11–15 comments 0 exchange
exchanges with 15–20 comments 3 exchanges
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developed and how this development was realized through the choice of
certain moves.

4.3.1 Incomplete exchanges
As can be seen in Table 2, the majority of initiating moves (19 out of 27) were
done through statements of opinion. With regard to the closing moves, gen-
erally there were more Rejoinder moves to sustain interaction than Respond
moves to conclude the interaction, which left most of the exchanges of
studied comments incomplete, or unresolved. Fourteen of the exchanges
were obviously incomplete since they ended with Rejoinder moves that
require responses from previous interactants, who did not return to the dis-
cussion. Many of the closing Rejoinder moves were of confronting type, which
means the confrontation in these exchanges was not completely resolved.

4.3.2 Branches of exchanges
All of the exchanges examined in this study, with six or more comments within
each, contained at least one sub-cluster of exchanges that branched out from

Table 2. A summary of move statistics.
Category of move Frequency

Open
Initiate 27

Give information (statements) 19
Sustain

Continue 32
React

Respond
Support

Develop 56
Reply

Comply 1
Agree 18
Answer 2

Confront
Reply

Non-comply 2
Disagree 8
Contradict 10

Rejoinder
Support

Track
Confirm 2
Clarify 5
Probe 4

Response
Resolve/Repair 9

Confront
Challenge

Rebound 33
Counter 73

Response
Unresolve 2
Refute 32
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them. In other words, although the Facebook interface showed the initiating
comment and all the subsequent comments replying to it as one long con-
versation, such conversation was further developed into different directions
based on some of the reply-comments. The typical branching structure of an
exchange containing a sub-exchange within it is illustrated in Figure 2 below.
Similar to branches of a tree, these sub-exchanges had the potential to extend,
and the further they grow, the less they depended on the initial comment they
branched from in terms of content.

4.3.3 Vertical versus horizontal development of interaction
Horizontal direction describes exchanges in which three or more comments
were aimed at the same initiating comment in a parallel manner and appar-
ently independent of each other in terms of content. In other words, the
attention was mainly given to the initiating interactant and was spread
throughout the whole exchange. Meanwhile in vertical direction, each com-
ment was added in response to the one right before it, and three or more
comments developed in this manner create a line of argument. Lewiński (2010)
has made a similar observation of these two distinct directions of argument
development in Google group interaction. However, as the exchanges in this
study contained within themselves multiple strands of interaction, the relation-
ship between horizontal and vertical interaction was more complicated.

More specifically, first-level analysis of the exchanges revealed that more of the
main exchanges developed in horizontal direction (16 exchanges) than vertical
one (9 exchanges). The most extended discussions, exchanges E53 and E54
containing 42 and 29 comments, respectively, also unfolded in horizontal manner

Figure 2. The “branching” structure of Facebook news comment exchanges.

56 G. H. TRAN AND X. M. NGO



with most of the comments replying directly to the initiating ones. While hor-
izontal exchanges were characterized with large number of commenters and their
parallel comments, vertical exchanges in the data engaged only up to six partici-
pants and comments. Moreover, as horizontal interaction involved more readers
and generated more exchanges of ideas, some of their comments became the
departure point for smaller, more narrow-scoped, vertical interaction between a
small number of readers. In other words, many shorter vertical exchanges were
contained within large horizontal ones, making it impossible to exclusively cate-
gorize an exchange as either horizontal or vertical.

4.3.4 Polarization of viewpoints
4.3.4.1 “Support” exchanges. Regarding the level of support and/or
confrontation between the interactants, the exchanges in this study
showed clear signs of polarization of opinions. In one extreme where
there was unanimous agreement between the interactants, most or all of
the moves done were Respond-Support ones such as Develop and Agree
moves, which show positive reaction to previous moves without sustain-
ing the discussion. Four of the exchanges in this study were labeled
“Support” exchanges for possessing such move pattern. Three of such
exchanges grew horizontally, as illustrated in the structure of exchange
E20 (see Figure 3). This exchange started with Craig’s article-comment,
which received five replies containing supporting moves. One of such
replies made by Brigit was further supported by Kay and then Megan,
making a vertical branch exchange.

4.3.4.2 “Confrontation” exchanges. The opposite of “Support”
exchanges are “Confrontation” ones. All the nine confrontation
exchanges identified in the data were incomplete and ended with
Rejoinder-Confront-Counter moves that offer alternate positions to
the preceding comments and require the previous interactants to

Figure 3. The structure of horizontal “support” exchange E20.
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respond to. Throughout these confrontation exchanges, interactants
constantly disagreed with each other and challenged and rechal-
lenged each other. Exchange E48 (see Figure 4) illustrates horizontal
interaction in which four Facebook users disagreed with Tony’s initial
comment in parallel comments. Tony then replied to these in con-
fronting moves and received in return some more confrontation.
Exchange E55 (see Figure 5), on the other hand, showcases a vertical
exchange. The initial comment by Jules only had three replies, but
one of them developed into a vertical line of debate between Jules
and John who disagreed with her. At the same time, Jules also
replied to the other confronting moves with more confrontation.

4.3.4.3 “Alternation” exchanges. The other 12 exchanges were labeled
“Alternation” to acknowledge the presence of opposing viewpoints and
the switching of turns between commenters of each viewpoint who
supported like-minded people and confronted the opposite side. In
alternation exchanges, polarization of opinions could be further
observed as many commenters at the same time either lent support
to a fellow reader or confronted them and two opposing schools of
thoughts gradually emerged from the interaction. Between the two
extremes of “Support” and “Confrontation,” the 12 “Alternation”
exchanges in the data showed mixture of agreement and disagreement
among interactants, resulting in the co-existence of supporting and
confronting moves in these exchanges with complex organizations.

An exchange like E32 (see Figure 6 below) with an apparently high level of
agreement among its seven commenters and horizontal direction of develop-
ment was still categorized as “Alternation” instead of “Support” because one
particular commenter (Jud) showed disagreement with Mark’s initiating

Figure 4. The structure of horizontal “confrontation” exchange E48.
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comment and thus attracted five more comments with both confronting and
supporting moves from the other commenters who shared viewpoints with
Mark and disagreed with Jud. Jud further replied to some of those comments,
making this sub-exchange a vertical one branching from the horizontal main
exchange E32 initiated by Mark. But for this branch of vertical exchange
starting from Jud’s, E32 would have been labeled “Support” for the unanimous
agreement that the commenters showed toward Mark’s initiating comment
through supporting moves.

Another illustration of “alternation” is exchange E35. In this exchange
initiated by Wendy, four commenters disagreed with her and performed
confronted moves in response to her comment in parallel manner, making
the interaction a horizontal one. Only Jud, the fifth commenter, showed
support for Wendy and thus motivated two other commenters to participate
in a branch exchange in a vertical direction with mostly supporting moves.
Similar to exchange E32, the interaction developed in horizontal order with
most comments coming from one side of the argument, and a branch devel-
oped from the main exchange in vertical order focusing on the other side
given by an “odd-one-out” commenter.

In some very horizontally expanded Alternation exchanges like E53 and E55,
a large number of parallel reply-comments (42 and 16, respectively) aimed at

Figure 5. The structure of vertical “confrontation” exchange E55.
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the initiating one, consisting of both confronting and supporting moves. There
was no clear domination of either side of argument, and some particular reply-
comments were further developed into branch exchanges with a few contri-
butors. On the contrary, in the much less developed exchanges, the initiating
comments received only one or two replies, but these replies further expanded
horizontally or vertically with mixture of supporting and confronting moves,
earning these exchanges the “alternation” label. Thus, even in exchanges of
only six or seven comments in total, it was still possible to observe polarization
of viewpoints.

The features of these three categories of exchanges in terms of their move
patterns, levels of expansion, and directions of development are summarized
in Table 3 below (see Appendix C for the full script of the example exchanges).
Overall “Support” exchanges where most moves performed were of supporting
nature tended to develop horizontally, were the least frequent in the data, and
contained the smallest average number of comments, with also the smallest

Figure 6. The interaction structure of “alternation” exchange E32.
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average word count per comment. Compared with “Support” exchanges,
“Confrontation” ones were dominated by confronting moves, were more
frequent in the data, developed in both horizontal and vertical directions,
contained much more comments, and had the greatest word count per com-
ment — over three times larger than that for “Support” exchanges and almost
twice as that for “Alternation” ones. Lastly, the combination of both supporting
and confronting moves at roughly equal proportions made “Alternation”
exchanges the most salient in the data of this study. Unsurprisingly, this last
type of exchanges also engaged far more interactants than the other two, had
much more comments per exchange, and tended to expand horizontally.

4.4 Research question 3: appraisal language in the Facebook news
comments

The data revealed that Affect appraisal was used far less than the other three
types, accounting for only 8% of all appraisal items. Meanwhile, Judgment and
Appreciation types of appraisal were producedmore frequently in similar propor-
tions (28%). To help interactants grade their attitudes in those three broad
categories, Graduation lexis was used generously andwas themost salient feature
in the analyzed comments, making 36% of all appraisal items found. Of the three
sub-categories of Graduation appraisal, interactants used Augmentation words
and phrases significantly more than the other types (60% of Graduation lexis) to
add emphasis to and intensify their points. The marked discrepancy between the
use of Affect appraisal and the other categories was possibly an indication of
interactants’ inclination to express more of their judgments and evaluations than
their emotional states, and the prominent presence of augmenting language
implied a tendency to intensify those attitudes, either positive or negative.

Table 3. Categories of exchanges of Facebook news comments based on move patterns.
Description Support exchanges Confrontation exchanges Alternation exchanges

Number of exchanges 4 9 12
Average number of
Facebook users per
exchange

6 5.4 10.3

Average number of
comments per exchange

7.75 10.22 13.67

Average number of words
per comment

15.77 54.57 28.42

Level of agreement Strong agreement Strong disagreement Mixed agreement and
disagreement

Typical types of moves Response-Support
moves (Develop,

Agree)

Rejoinder-Confront moves
(Rebound, Counter,

Refute)

Both Confront and
Support moves

Direction of interaction More horizontal (3 out
of 4 exchanges)

Both directions (4 horizontal,
5 vertical exchanges)

More horizontal (8 out
of 12 exchanges)
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4.4.1 Appraisal language across move types
Table 4 encapsulates how appraisal language was used in different types of moves.

In general, there was more appraisal language in Rejoinder moves than in
Respond ones. Moreover, slightly more appraisal language was also found in
confronting moves than in supporting ones. This feature may imply that the
Facebook users in the data were more interpersonally involved in the discus-
sion when they confronted rather than when they supported each other,
especially when they wanted to prolong the discussion through Rejoinder
moves. This finding also echoes the previous ones in Section 3.3 regarding
the length of the exchanges, with Confrontation exchanges having more
commenters contributing more and longer comments than Support
exchanges, indicating greater reader engagement in the interaction of con-
fronting nature. Interestingly, although the interaction with Respond and
Support moves seemed less developed, it contained slightly more Affect
appraisal language than the more prolonged interaction with Confront and
Rejoinder ones.

Of the five specific move types most commonly found in the data, namely
Develop, Agree, Rebound, Refute, and Counter, on average Refute moves had the
most, approximately four and a half, appraisal items per move. One way to
interpret this is that Refute moves were interactants’ self-defensive, confronting
response to previous challenging moves done by other interactants, so interac-
tants may be more interpersonally involved in this move than in other types.

4.4.2 Appraisal language across patterns of exchanges
The appraisal language was also analyzed according to the three patterns of
exchanges identified in Section 3.3. The findings of this analysis are presented
in Table 5.

In general, there were noticeable differences among the three patterns of
exchanges regarding the use of appraisal language. Overall, appraisal language
was used most in Confrontation exchanges with about three and a half items
per move. More specifically, despite having fewest and shortest comments,
Support exchanges had far more Affect items and much less Appreciation
items per move and than any other categories, which suggests that more
feelings and emotions are expressed in this type of exchanges. Meanwhile,

Table 4. Summary of appraisal language across move types.
In all
moves

Respond
moves

Rejoinder
moves

Support
moves

Confront
moves

Average number of appraisal items
per move

2.74 2.39 2.98 2.59 2.85

Affect 0.22 0.23 0.21 0.27 0.19
Judgment 0.76 0.56 0.95 0.67 0.88
Appreciation 0.76 0.74 0.95 0.77 0.74
Graduation 1.00 0.90 1.09 0.92 1.07

62 G. H. TRAN AND X. M. NGO



Confrontation exchanges topped with Appreciation and Graduation items. In
other words, in Confrontation exchanges, interactants seemed to express their
preferences and evaluations of objects more frequently as well as used more
language that helps them grade their attitude. Such a contrast reflects the
distinct move patterns in these exchanges, as Confrontation and Support
exchanges were the two extreme patterns with either strong confrontation
or support between the interactants. With mixture of both supporting and
confronting moves, Alternation exchanges were often in the middle in levels of
appraisal categories and generally had more moderate use of appraisal than
the other extreme categories.

5. Discussion

The findings from the current study add to the general consensus that there is
more confrontation than support, or more disagreement than agreement, in
the online news reader comments across platforms as revealed in Section 1. To
be specific, based on the SFL’s speech function network (Eggins and Slade
1997), this paper indicates that at the specific level of move, the Facebook
news comments contained more confronting moves than supporting ones.
The most frequently performed moves in the data in decreasing order of
frequency were Counter, Develop, Rebound, Refute, and Agree moves, three
of which are of confronting nature. At the more general level of interactional
patterns, there were also more Confrontation exchanges than Support ones in
the data. Moreover, the paper also deepens our understanding of how such
moves were realized linguistically. Further lexical analysis showed that
Facebook news readers used more appraisal language in confronting moves
than in supporting ones, which implies higher levels of interpersonal engage-
ment in the former move type. All these findings point to the conclusion that
Facebook news comments seem to show more conflict than support among
interactants. On the one hand, this reflects the nature of news consumption, in
which the more controversial and political topics attract wider readership. On
the other hand, the act of constantly challenging each other is also a sign of
equal power status among Facebook interactants, similar to that observed
between friends or close family members’ casual face-to-face conversations

Table 5. Appraisal language in patterns of Facebook news comment exchanges.
Support
exchanges

Confrontation
exchanges

Alternation
exchanges

Total number of appraisal items 82 378 374
Average number of appraisal items per
Move

2.83 3.57 2.20

Affect 0.41 0.22 0.18
Judgment 0.97 0.95 0.61
Appreciation 0.48 1.10 0.60
Graduation 0.97 1.29 0.81
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(Eggins and Slade 1997). Thus, these findings lend support to the notion of
user-generated contents as space for public democracy, which is often dis-
cussed in recent studies of journalism and politics (Rowe 2015).

Many of the descriptions of Facebook news comments in this study reso-
nate extant literature on online news reader response. In Bruce’s (2010) corpus
of 1000 reader comments on news websites, the average word count was 97
words. In our study, the average length of comment was only half as long, of
roughly 47 words. Similarly, Ben-David and Soffer (2018) also found news
comments on Facebook significantly shorter than those following articles on
official news websites. In Bou-Franch and Garcés-Conejos Blitvich’s examina-
tion of YouTube comments, almost 70% of participants contributed a single
comment and an average of 2.1 comments each. The current study produced
very similar results, with 65% of Facebook users leaving only one comment,
and on average each contributed 2.2 comments.

However, the study also highlights some features of news readers’ interac-
tion that are more prominent in Facebook than on some other platforms
thanks to Facebook affordances. The concept of affordances in CMC refers to
how and the extent at which some platform design features can facilitate or
hinder mediated communication (Hutchby 2001). Rowe (2015) compared news
comments on the Washington Post news website and its Facebook page and
found that interactivity, among many features, was much higher in the former
than the latter. However, it should be noted that in 2013 at the time of his data
collection, Facebook had not launched the “Reply” function in the comment
section, and any comment with at least one reply in his study was coded as
“interactive.” In our current study, as Facebook news users could choose a
particular comment to reply to and tag the involved people in their comments,
interaction was quite developed, with at least six turns of comment per
exchange and 20 exchanges of six to ten comments. As users scroll down
the Facebook comment section, the “top” comments, those that are most liked
or replied to, tend to be shown first by default in many news page, and thus
they are more likely to attract even more replies and reaction. From the
perspective of technological affordances, such design features of Facebook
help to explain why many Facebook news comments are left alone and even
hidden from initial view, while some particular comments become the centre
of attention and are considerably expanded with remarkable numbers of
interactants and messages. Moreover, while Facebook company emphasizes
the interpersonal relationships and constantly updates Facebook functions to
facilitate interpersonal interaction (Tagg and Seargeant 2016), news media
tend to rely more and more on third party like Facebook to facilitate the
reader response section to avoid the complex task of comment management
and to focus more on news production and report (Ben-David and Soffer
2018). Thus, it can be argued that higher levels of interactive and interpersonal
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news commenting will possibly be observed on Facebook than on the con-
ventional news websites.

The findings from our study also echo some general remarks on the quality
of deliberation found in online news comments. Similar to Bou-Franch and
Blitvich, Pillar (2014) and other scholars’ conclusion, we found the Facebook
news comments under scrutiny a form of public deliberation, though possibly
not in its ideal form. Firstly, despite the interactant’s willingness to prolong
discussion through their choice of Rejoinder moves, most of their exchanges
ended incomplete in unresolved conflict, which rarely happens to face-to-face
argumentation (Lander 2014; and Cionea, Piercy, and Carpenter 2017).
Secondly, the Facebook news comment exchanges in this study tended to
expand horizontally in size rather than vertically in depth. Generally, there
were more horizontal exchanges than vertical ones in the data, with the former
having more interactants and more comments than the latter. However, a
closer look revealed that when many of the main exchanges expanded hor-
izontally with multiple interactants adding parallel replies, some of such com-
ments became the starting point for branch exchanges of smaller scale and
often in vertical direction. In addition, most interactants in our study did not
contribute more than twice, and thus it was likely that their arguments were
not given enough time, space, and thought to be thoroughly developed.

However, what Facebook news comments lack in depth, they can compen-
sate in quantity. As the majority of exchanges found in our data develop
around disagreement and mutual confrontation, the Facebook news readers
were exposed to a range of different or even opposing viewpoints and
personal narrations and were motivated to present their positions in fairly
rational manner, as seen in another finding from our study. Lexical analysis
using the SFL Appraisal framework showed there were marked differences in
interactants’ use of attitudinal language across move types and exchange
patterns. Typically, there was more appraisal language in Rejoinder moves to
prolong interaction than Respond ones to conclude it, and more in Confront
moves to show disagreement than in Support ones. In the two extreme
exchange patterns of unanimous support and strong confrontation, interac-
tants used much more appraisal language than in the more moderate
Alternation exchanges. Support exchanges contained more Affect language,
but these exchanges were the least common type in our data, while
Confrontation ones had more Appreciation and Graduation appraisal items.
Moreover, when all exchanges were seen as a whole regardless of their move
patterns, there was a tendency toward greater use of appraisal language to
show judgments and appreciation and much less expression of affection.
These seem to indicate Facebook news readers’ choice of language to avoid
emotional reactions and to express themselves in more impersonal ways, thus
possibly enhancing the quality of their argumentation. Thus, in effect, it can be
inferred from the results that Facebook news comments act as a form of mass
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public deliberation that exposes individuals to ideologies and motivates them
to discuss political topics, but it also reinforces group polarization and thus
may not be the ideal place for careful deliberation.

Regarding Affect appraisal language in particular, our finding that Facebook
news comments were not very emotional somehow contradicts that by Ben-
David and Soffer (2018) who found that news comments on Facebook plat-
form regardless of the topics were more emotional than those on the official
news websites. Thus, much more research is needed to understand this
particular interpersonal aspect of online news comments.

The comments analyzed in this study also demonstrated a mixture of
features typical of both speech and writing. While the exchanges of
Facebook comments were sometimes highly interactive with very small time
lapses in between and with very short, even one-word clauses like in spoken
conversations, they were at other times more similar to written emails with
delayed or even no feedback, and at some other times they resembled short
argumentative essays with multiple moves done in the introduction, body, and
conclusion. Therefore, the findings of this study support the view that the
division between spoken and written genres is no longer relevant to genre
identification and methods and tools to analyze face-to-face spoken conversa-
tions must be considerably adapted to meet the hybrid and changing nature
of interaction in user-generated contents.

The current study can serve as an illustration of such necessary adaptations.
We employed the SFL speech function network used for face-to-face conversa-
tion among a limited number of interactants to understand online news
readers’ polylogues. Although the speech function network was originally
devised to analyze casual conversations, its detailed classification of moves
and the mapping of interactive relationships between these moves make the
network also suitable for coding other forms of interaction involving multiple
participants. Since the descriptions of specific moves and tests to identify
those moves are data driven, more linguistic examples and subsequent gen-
eralizations based on them can and should be added to more accurately
describe the language of online user-generated contents. Furthermore, our
study also showed that the linear representation of interaction structure and
staging of moves found in conventional conversation analysis and genre
studies may not be able to capture and show the true extent of complex
many-to-many interaction among news readers. Thus, we employed a more
visual method using tree-like maps to show the complex development of
multiple strands of interaction within the Facebook news polylogues, at the
same time presenting the parallel, horizontal expansion as well as the linear
vertical direction and the polarization of viewpoints.
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6. Conclusion

To recapitulate, the current study was carried out to help fill the gaps in the
literature related to online user-generated interactive discourses, more speci-
fically news readers’ comments on Facebook. The SFL approach has provided
the study with the two frameworks of Speech functions and Appraisal lan-
guage for a two-stage analysis of the communicative moves and interpersonal
language found in the interactive exchanges of Facebook news readers’ com-
ments. The results from these two types of analysis offer an initial overview of
these exchanges of comments in terms of their development patterns and
language to express interactants’ attitudes.

The findings from this study have added more evidence to the existing
description of online news response, including its shared features with both
traditionally spoken and written language, and its occasionally high level of
confrontation and less affective expression between interactants, its polariza-
tion of viewpoints, its inclusion of multiple small exchanges within a larger one
typical of polylogues, and its tendency to expand horizontally without ever
coming to a conclusion. The findings have also helped to draw some distinc-
tion between the interaction typical of Facebook news comments and that
found in conventional news websites thanks to the concept of affordances.

Because of the exploratory nature and small scale, this study has some
limitations that future research can help to address. Firstly, the small size of
a purposefully sampled corpus from only one news source prevents the results
from being generalized. Therefore, throughout the paper, attempts have been
made to compare our findings with those of previous studies whenever
relevant to generate more insightful understanding of the data. It must also
be acknowledged that it is hardly possible to find news sources with neutral
political inclination, and the Facebook page chosen for this study may not be
an exception.

With a broader scope of study in a more relaxed time frame, the aforemen-
tioned limitations could be significantly overcome. Since the language in CMC in
general as well as online social networks in particular is a recent area of research,
there is plenty of room for extending and modifying this study in very different
directions. The directions subsequently outlined in this section are only some
most closely related to the current study. From a more quantitative approach,
further studies can compile a larger corpus with criterion-based selection of varied
news topics, news sources, time periods, and different demographic groups. Such
a sample will enable the researchers to statistically measure the correlation
between the occurrence of specific moves and their linguistic realizations as
well as between exchange patterns and interactants’ choice of specific moves.

Qualitative techniques to investigate Facebook users’ perception can also
be used to complement the researchers’ analysis. Information provided by the
interactants themselves can offer valuable insight into the context of language
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use and insiders’ explanations of the phenomena observed by the outsider
analysts. Moreover, researchers can consider involving multimodal data pre-
sent in the comments such as images, videos, and hyperlinks as both the
context of and contents for the analysis.

Another way to extend the scope of the current study is by the inclusion of
standalone comments, which can also vary greatly in length, structure, and
linguistic realizations. The exchanges of comments and the replies attached to
them in this study are a prominent feature of the news comments but by no
means sufficient to represent general online reader response. Thus, when the
standalone comments and the comments with attached replies are examined
together, patterns different from those found in this study may emerge.

Lastly, for a more comprehensive picture of interpersonal interaction in the
Facebook news comments, other aspects of interpersonal meaning could be
studied. The current study focused on the Attitude branch of the Appraisal
theory, but further studies can include analysis of other features such as
emoticons and various categories of involvement language including the use
of names, slangs, swearing, and humor.
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Appendix C Examples of Exchange Patterns

A horizontal “Support” exchange – E20

A horizontal “Confrontation” exchange E48

Craig: I want to see him carry out his pledge to call an election if the senate refuses to pass the budget. or is
that another blatant lie

Dillon: doubt he would. he realises he’d get completely shafted in a snap election
Cass: The way it’s going, we could get a DD..bring it on..and get rid of this heartless govt. . .
Greg: Blocking supply precipitates an election!!! Normally that is.

Megan: If the senate blocks supply, but Brer R’Abbott refuses to call an election, can’t the GG sack
him?

Brigit: We can only hope he’d do the honerable thing.
Problem is there’s been nothing honerable in what he’s already done, so I bet he’d not do it.

Kay: Sorry Brigit he has no concept of honour
Megan: he couldn’t even spell the word “honour”.

Kay: He won’t do it all he has ever wanted is to be PM

Tony: The debt has to be paid back. . . thanks to the idiot socialists & (false) “ greens”. . . that’s life. . . get over it
& get on with it. . ..

Cathie: Can you explain how 30 yr olds and under are meant to survive if they lose their jobs – for six
months without unemployment benefit?

Tony: There are always catch nets. I advocate food stamps and provision for shelter at night. The
days of a handout mentality have to end. We are paying around $33,000,000 every day to service
interest alone. Imagine what we could do for young kids with that $33,000,000 every day in a
different part of Australia? The party is over & we are left with the hangover. . ..

Michael: There was no crisis. You have been sucked in by bullshit.
Tony: I have been educated to the reality. Socialist followers are the ones being sucked in like
sheep.

Kay: Tony you are an idiot, there aren’t enough shelters for the homeless already without the massive
increases in homelessness that this budget will lead to. We have the 3rd lowest debt in the world and a
triple A rating means we are more than able to service our debt which is what really matters. Your
precious Coalition under Howard sold off our profitable assets (commonwealth Bank made as much
profit this year as Howard sold the bank for) ensuring that our revenue would fall, he also cut taxes,
another revenue cut. go and read a few facts and maybe lern about economics.

Tony: So Kay. . .. you think paying $33,000,000 every day just to service debt (for what?) is OK? At
what point would you consider debt and interest to be unsustainable??? Are you paying taxes?

Brigit: Tony go & volunteer in a refuge or a foodbank & put a face to those you are perfectly willing to judge
and vilify.

Tony: Brigit. . . put a face to you name so I know you aren’t a troll & I”ll consider responding.
Brigit: Classical action of a bully. Belittling posturing and badgering than admit that maybe they’ve
been misinformed. False accusations is a classic bullying ploy to devalue the opinions of someone
who dares to disagree with them.
The simple fact you have not recognised WHAT my current profile photo actually is says a lot
more about your age/experience than really much else.
& FTR I recently worked out I’ve done various Volunteer for 30 years. The last decade+ was in tuck
shops and the local foodbank, & frankly I bet if you actually have a heart, you’d be horrified at
what I’ve seen.
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A vertical “Confrontation” exchange E55

Jules: I’m sick of seeing people saying that this budget “takes” more from lower income earners on welfare
than higher income earners. No it doesn’t! People on welfare are being “given” less – welfare is a gift not a
right! And I am the provider of a one in a one income family that gets welfare so I do know what I am talking
about!

Brigit: As the parent of a disabled teen I know what I’m talking abut when I say I didn’t know the
Government was into “gag gifts”.

Judith: I am sorry that your child is disabled, but that child is still your responsibility to feed, clothe and
shelter. Any benefits ARE a gift from the taxpayers

Jules: Absolutely Judith. The nations attitude needs to turn from being entitled to being grateful
that we live in a nation with any amount of support for the people who need it most.
Brigit: Wow I hope you never have to deal with someone with a disability with that arrogant elitist
attitude
No parent of disabled children asked for it – we do the best we can, struggling with little or no
useful support, while being judged by narrow minded gits with no medical knowledge who make
the most cruel inhuman comments that only makes a bad situation even more difficult.
My daughter can do a lot of things – even maybe hold down a job – if given the proper support.
But people are more interested in what she cannot do & not what she can do.

Kay: not a very saint like attitude there saintgran Judith
Kay: Jules you make the assumption that everyone on welfare have never contributed. most peole on
welfare spend all of their income, therefore they pay GST, excise etc, they contribute through their
spending not only by those taxes but by helping to keep other people in work. Many off us have
worked for years, many pensioners started work at 14 or 15 and have worked and paid tax for 50 years
as well as raising the present taxpayers without benefit of baby bonuses, child care rebates, 1st home
owners grants, paid parental leave etc. maybe if you actually looked beyond your McMansion, shiny
new 4WD and privileged life to the reality of this world you might begin to understand. but i doubt
you would bother as you are clearly selfish and self centred.
Kay: Oh I forgot we also had to contend with mortgage interest rates ranging from 11%−17% when our
children were young

Jules: You make some very huge assumptions there Kay. . . All of which are wrong. I don’t at all
think pensioners have never contributed. . . And by all means think that pensioners should get the
assistance they do. I never once said any differently. If I had it my way, all baby bonuses, child care
rebates, paid parental leave would be scrapped .. That’s where they need to take it from.. Not
pensioners. My only point was that Australia is a blessed nation and the fact that welfare exists at
all means that we are all a priveleged nation. If you understand where I am coming from. . . There
are family’s who chuck a stink cause the government is giving them less to raise their kids. . . When
it is our responsibility.. Not the governments. And Brigit it would be horrible and I’m glad there is
extra assistance for you. There is a difference between people in genuine need (like pensioners
and people with a disability etc.), and people who expect things cause they are slack. My entire
point is that we should be grateful for what we get. Kay. . . We do not live in a mansion.. We do
not have a shiny new car.. And the only thing privileged about our life is that my husband went to
uni, got a degree (debt is still being paid off).. Therefor has a job Which means we can then make
sacrifices so that I can stay home with the kids. We see that as a privelege. However we have
worked hard for everything. Although we do get family assistance.. We don’t rely on it as we know
it’s a gift and it could be taken at any time. We are not selfish and self centred.. We work hard and
are grateful for what we have.
Jules: Also. . . We don’t even have the money to have a house mortgage. One of the sacrifices we
made deciding to stay home and parent our young children. Not selfish, not self centred.. We are
in the reality of this world and we do understand
Jules: Additionally Kay it is important to make clear exactly what Joe Hockey has said – pension is
income replacement while family welfare is income supplement. Very important to distinguish the
two:)

John: Sez the guy who wants to replace families’ incomes while they go away and have babies.
Jules: I think the parental leave payments are ridiculous and an unnecessary waste of money, If
families choose to have babies they should make sacrifices and support that with their own
income.. Not welfare.
John: Seems you and Hockey have a definition conflict.
Jules: Family tax benefits (welfare) is income supplement according to Joe Hockey, paid parental
leave is income replacement. . . Two different things John Gaunt, two different things. I agree with
Joe Hockey that pension is important but disagree that the size of his paid parental leave is
important – labor’s was just fine. Joe Hockey and I don’t have a definition conflict, however I
would disagree with him on his paid parental leave plans.

(Continued )
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(Continued).

John: PPL = replacement; Pension = replacement? Weasel words to back arguments about which
welfare is most worthy. Some family welfare is as necessary for the good of society, as any other
sort of “worthy” welfare. Complaints here are mostly about the benefit to society of withdrawal of
welfare from. . . everywhere. With grown kids and a job, I only complain for those I know need the
help I pay for.

Mark: The People Want a
“New Election”“ BRING IT ON.

DrMargerie: Ooooooo Yes please early election.
Brigit: Please please please.
Get rid of this creaton & his cohorts before they can trash the country further
Lynda: Bring on a DD and block all supply bills in the Senate
Keith: Please yes yes a new Election pleeeese
Carmell: that’s not a threat!!!
Judith: Spend more taxpayer money on another election? Economically rather absurd
Alexandra: The problem is that there are no suitable candidates to vote for. Unless I am missing

something, I have yet to see a party worthy of my vote.
Pauline: Judith, the money spent on a new election would be worth every penny to get this corrupt
and inhumane pack of lying idiots out of government. That’s what I call investing in the future of
this country, its health, education, people and environment.
Judith: Just hate to see even more taxpayer being wasted on an election AND there is no-one to
vote for, Alexandra, Labour stuffed the country, Liberal is into harsh measures. Might be better not
to vote, pay the fine, contribute to the country’s coffers
Debby: If you can’t find someone to vote for then find something to vote against.

Judith: That makes no sense at all. Why would anyone vote for someone did not want in
charge of our nation just to vote against another.
Brigit: Debby has a valid method Judith.
I’v use it for decades after seeing a Robert Heinlein comment about it. I give the highest
number to the person I least want to be elected and work backwards.
Very satisfying doing that with the Senate ballot. . . putting the < expletives> last
Kay: Strangely enough Judith that is exactly how this mob got elected in September 2013

Pauline: I think our only option is the Greens. We are in the most dangerous situation on climate
change. No other party addresses that issue with any clarity or logic, they prefer to ignore it. The
Greens have a much better budget proposal than anyone else. I want a humane government that
care for the welfare of every Australian. I want a party that will protect me from having my garden
fracked, my water poisoned and my Reef mined, my forests destroyed and the future of the
children of this country sabotaged.

Julie: One can only hope. . .
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